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Executive summary 

 

In recent years, a growing body of scientific publications, exemplified by the six IPCC Reports 

published between 1990 and 2023, presents unequivocal evidence of the impending impact of climate 

change on the entirety of our economic system. Since the endorsement of the Paris Agreement in 

2015, there has been a notable upswing in global acknowledgment of climate change as a disruptive 

force within the economic structure and financial system. The adverse shocks affecting both the 

supply and demand functions of the real economy serve as vectors of instability within the financial 

system. The imperative shift from a high- to a low-carbon economic system, as stipulated by net-zero 

carbon emissions policies, necessitates a profound transformation of our productive system. All 

stakeholders, including central banks, must actively participate in this transformative process. The 

significant surge in the membership of the Network for Greening the Financial System, from 8 in 

December 2017 to 121 in October 2022, stands as compelling evidence of central banks recognizing 

climate change as a growing threat meriting continuous vigilance. Despite climate change not 

traditionally falling within the customary purview of central banks' mandates for price and financial 

stability, an expanding body of research underscores the profound linkages between climate change, 

the financial system, and the real economy. Contrary to neglect, central banks have proactively 

embarked on communication efforts to address the multifaceted implications of climate change. 

This study examines the communication strategies of the European Central Bank (ECB) regarding 

climate change and investigates the potential impact of the ECB's perception of climate change on 

financial market actors. Analyzing a database of 2,430 speeches by ECB Executive Board Members 

from January 1997 to December 2021, our textual analysis and topic-modelling algorithm identify 70 

topics, with a notable increase in the frequency of a topic labeled "Climate Change" since mid-2018. 

Within this topic, the most frequently used words include "risk," "climate," "change," "transition," and 

"green." Our findings indicate an augmented emphasis on climate change in ECB communications, 

particularly framing it as a risk to financial stability. This suggests that the ECB employs its 

communication as a signal to financial markets, signaling a potential regulatory response to address 

and mitigate the impacts of climate change on the financial system. We then use panel quantile 

regression to isolate the impacts of an increase in ECB communication on the topic of climate change 

on the expected probability of default for 168 firms (proxied by their CDS spread returns). We 

investigate 5-, 10- and 30-year contracts. Our findings show an overall positive relationship between 

lenders’ perceived exposure to a regulatory risk from the ECB and the firms’ cost of default protection. 

In addition, we include sector dummies and interaction terms with our communication variable in our 

baseline quantile regression and show proof of the existence of nonlinear effects across the short, 

medium and long term. Our findings show significant and negative coefficients on the short term (5-

year maturity), that prove that market actors seem to have integrated a potential implementation of 

regulation coming from the ECB to mitigate the effects of climate change on financial markets. These 

results also prove that firms are already seen as capable of transitioning to a low-carbon economy in 

the short term. In the medium term (10-year maturity), our estimated coefficients are all non-

significant, it seems that financial actors are uncertain of how the ECB will act regarding climate risk. 

Finally, in the long-term (30-year maturity), our estimated coefficients are positive and strongly 

significant. CDS market participants expect a higher probability of default for firms across all sectors 

in the very long-term with the increase in ECB communication on climate change. 

Overall, we highlight how ECB communication can impact investors’ expectation of the probability of 

different firms defaulting at different time horizons. Our findings are particularly relevant to the 

regulation of climate risk. Our findings also have important policy implications. They suggest that firms 

are ready to transition in the short term, and that central banks should take a more active role to help 

this transition to a low-carbon system, even by using regulatory tools. Not taking action now will raise 

uncertainty about climate change impacts on financial markets, leading to a rise in the probability of 

firms defaulting, which could be the detonator of a new financial crisis. 
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1 Introduction

Since the adoption of the Paris Agreement in 2015, climate change has been extensively
acknowledged as a harbinger of economic and financial instability. The increasing membership
of the Network for Greening the Financial System (from 8 in December 2017 to 121 in October
2022) underscores central banks’ acknowledgment of climate change as an imminent threat
requiring vigilant oversight.1

Central bank communications have long been proven to be an effective monetary tool to
guide markets’ expectations on the future path of overnight interest rate.2 Since the 2007-
2008 financial crisis, the strategic deployment of ’forward-guidance’ has come to the fore as
an unconventional yet critical monetary policy tool (Swanson, 2021; Ehrmann & Fratzscher,
2007). Beyond monetary cues, central bank pronouncements also offer a window into their
overarching goals, strategies, and economic forecasts (Haldane & McMahon, 2018; Kryvtsov
& Petersen, 2021).

While climate change historically falls outside the traditional central bank mandates of price
and financial stability, the interplay between climate-induced financial risk and economic im-
pact is garnering increasing evidence and attention. This evolving landscape calls for more
refined data to shape monetary and prudential instruments (Campiglio et al., 2018; Chenet
et al., 2021; Weitzman, 2009). But far from ignoring it, central banks are no longer sideline
spectators; their communications now integrate climate change, amplifying their credibility3

and influence on market stability (Hansen, 2022).

Our research scrutinizes the European Central Bank’s (ECB) discourse on climate change
and its influence on financial market actors. Through textual analysis of 2,430 ECB Execu-
tive Board speeches from January 1997 to December 2021, we deploy machine learning topic
modeling to extract thematic prominence. In total 70 topics can be identified, with ’Climate
Change’ surging forth as a dominant topic post-2013, especially from 2018 onwards. Our
focus highlights the ECB’s lexical choices–’risk’, ’climate’, ’change’, ’transition’, and ’green’–
painting a picture of their narrative stance.

We present a threefold contribution. First, we innovate by applying advanced machine learning
topic modeling to ECB communications. Second, our findings reveal the ECB’s escalating em-
phasis on climate discourse. Third, we interpret the ECB’s characterization of climate change
as a financial stability ’risk’, signaling intent to shape market expectations and strengthen
financial resilience against a backdrop of anticipated regulatory shifts favoring green invest-
ments.

1Dikau and Volz (2021) highlight significant differences in how climate objectives do and do not fit within
central banks mandates across different countries.

2See, for example, Blinder et al. (2008) for an early survey of the literature.
3See (Bholat et al., 2015) for a discussion on the credibility of central banks.
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The ripple effect of ECB climate communication on financial actors forms the crux of our
second inquiry. We propose three testable hypotheses to study how climate regulatory risks, as
measured by communications, are mirrored in the market pricing of firms’ credit default swap
(CDS) contracts, impacting credit risk across industries. Credit default swaps are derivatives
that offer insurance against the risk of a bond issuer - such as a company, a bank or a
sovereign government - not paying their creditors. Bond investors hope to receive interest on
their bonds and their money back when the bond matures. But they have no guarantee either
of these things will happen and so have to bear the risk of holding that debt. CDS thus help to
mitigate the risk by providing a form of insurance. In particular, CDS spreads serve as proxies
for market-perceived risk and the financial solidity of firms for several reasons. Their trade
on standardized terms allows for heightened sensitivity to new market information. Their
liquidity surpasses that of corporate bonds. Lastly, with maturities extending up to 30 years,
they provide insights into lenders’ assessments of future risk.

Our analysis questions whether ECB portrayal of climate risk permeates firms’ default risk
perceptions, inferred through CDS spread movements. We investigate the influence of ECB
climate change communications on CDS spreads. We analyze CDS data from 168 North
American firms across 10 sectors, with maturities of 5, 10, and 30 years. This analysis aims
to discern how ECB’s increasing focus on climate-related issues shapes investor expectations
regarding the default probabilities of firms in various industries and across different time
horizons.

Following Blasberg et al. (2021), we adopt a panel quantile regression approach to encapsu-
late the full distributional impact of ECB climate communications on CDS spread returns,
controlling for established fundamental determinants (Han & Zhou, 2015; Hull et al., 2004).
This methodology also presents the advantage of mitigating empirical problems frequently
encountered in the CDS literature (e.g. non-normality and the presence of outliers) that could
also affect our data.

Our findings are novel with respect to the existing literature: ECB climate narratives exert a
significant, sector-wide influence on CDS spreads, with acute effects on short-term securities
(5-year maturity). The short-term results suggest that markets are discounting the potential
of future ECB regulations aimed at climate risk mitigation, while in the medium term (10-year
maturity), there is marked uncertainty. Long-term expectations (30-year maturity), however,
reflect a stark anticipation of default risk escalation in tandem with increased ECB climate
communications.

Overall, we elucidate ECB climate change dialogue as a determinant of investor expectations
regarding firm default probabilities over varying time frames. These insights are pivotal to
understanding the dynamics of climate transition risks.

The rest of the paper is organized as follows. Section 2 offers a comprehensive literature review
that contextualizes our research within the existing academic discourse. Section 3 delineates

2



our novel contribution using Natural Language Processing to examine ECB speeches. Section
4 outlines the empirical methodology that connects ECB climate communication with firm
credit risk. Our empirical findings are explored in Section 5. Section 6 extends the analysis
by providing additional results and conducting robustness checks. The paper concludes with
Section 7.

2 Literature Review

In this section, we highlight our contribution by aligning the impact of ECB greening narratives
with various strands of literature. We offer insights into climate transition risk and explain the
rationale behind considering central bank communication as a crucial factor in understanding
its forward-looking impact on credit risk, which is one dimension of transition risks. Finally,
we delve into the core of our paper by addressing our testable hypotheses.

2.1 Climate Transition Risk and ECB communication

Climate transition risk (CTR) stems from shifts in regulations, technological advancements,
and evolving consumer attitudes that facilitate the move toward a low-carbon economy. Such
shifts can jeopardize cash flows, thereby influencing a firm’s capacity to service its debt and
consequently elevating its overall risk profile. To gauge this vulnerability, it is essential to
scrutinize how carbon risks permeate firms operations, products, services, and supply chain
— all of which vary significantly based on the firm’s sector. Existing literature often quantifies
CTR through carbon risk pricing models. In these models, firms with high emissions are gen-
erally more susceptible to incurring additional costs due to regulatory changes and necessary
adjustments to their product offerings. Numerous studies have proposed market-based CTR
metrics, focusing on portfolio allocation (Alessi et al., 2021; Blasberg et al., 2021; H. Jung
et al., 2021; Pástor et al., 2021; and Gourdel & Sydow, 2022), fund flows (Briere & Ramelli,
2022), and the Sustainalytics carbon risk Index (Ugolini et al., 2023). These metrics primarily
assess the impact on investment choices and financial instruments4. However, the tangible
effects of climate transition risk continue to be a forward-looking, somewhat abstract concept,
largely influenced by perceptual beliefs rather than empirically substantiated impacts.

Our approach distinguishes itself from previous research by anchoring its analysis in the nar-
rative literature. Specifically, we examine the role of central bank communication as an indi-
cator of carbon transition risk and its subsequent influence on investors’ perceptions of climate
change risk. This analytical angle is motivated by several factors. First, although the tangible

4See, Krueger, Sautner, and Starks (2020); Reboredo and Otero (2021); Ilhan, Sautner, and Vilkov (2021);
Bolton and Kacperczyk (2020); Monasterolo and de Angelis (2020); Painter (2020); and Reboredo and Ugolini
(2022)).
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outcomes of climate change remain uncertain, existing literature has extensively explored the
influence of narratives–from both media and professionals–on shaping investors’ perceptions
of risk and uncertainty (Engle et al., 2020, Bessec & Fouquau, 2022, and El Ouadghiri et al.,
2021). Second, from a regulatory perspective, central banks serve as critical agents in shaping
market expectations and providing guidance to financial market participants (Morris & Shin,
2002). Previous research has underlined the signaling function of central banks in financial
markets, both under normal conditions (Cross & Greene, 2020; D’Orazio & Popoyan, 2019;
and Bennani et al., 2020), and during uncertain times (Gardner et al., 2022). Third, in the
context of environmental sustainability, the ECB has taken a leading role in climate change
policy, aligning its stance with the obligations set forth in the EU Treaty (Feldkircher et al.,
2021; Dikau & Volz, 2021; Campiglio et al., 2018; Chenet et al., 2021; and Arseneau et al.,
2022). This pattern increases the significance of examining central banks, and the ECB in
particular, as key players in the ongoing climate change discourse.

Furthermore, existing research has largely centered on stock markets (Bolton & Kacperczyk,
2020), bond markets (Seltzer et al., 2022; Zhan et al., 2023; Kleimeier & Viehs, 2018; and
Vozian, 2022), and option prices (Ilhan et al., 2021) to study transition risk. However, there are
recent exceptions that bear some resemblance to our work, albeit from differing perspectives.
This new strand of studies suggests that assessing credit risk exposure via credit default swap
spreads is crucial for evaluating the impact of carbon transition risk on firms. Firms must
estimate expected credit losses to comply with accounting standards and unexpected credit
losses to determine regulatory credit risk capital. Both rely on estimates of probabilities of
default. Investors also pay close attention to credit ratings and default rates. Changes in
climate will increase firm default rates. Studies investigating the impact of climate change
on default probabilities are limited because this is a novel field and data are still relatively
scarce. For example, Blasberg et al. (2021) introduce a carbon risk factor based on median
CDS spreads and examine its influence on firms in Europe and the United States. Kölbel
et al. (2020) used text analysis to discover that disclosure of transition risks led to increased
CDS spreads, while physical risks had a contrary effect. Ugolini et al. (2023) underscore
the asymmetric consequences of carbon transition risk factors on CDS spreads, revealing
both economically and statistically significant impacts. Focusing on Environmental, Social,
and Governance (ESG) factors, Duong et al. (2022) demonstrate that effective carbon risk
management leads to reduced CDS spreads. Finally, Barth et al. (2022) find that enhanced
ESG ratings were associated with a decrease in firms’ credit risk, as evidenced by lower CDS
spreads.

The transmission channels that link risk exposure via credit default swap spreads and carbon
transition risk are detailed in the following Section.
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2.2 CDS and ECB speeches: hypothesis development

To summarize, our primary focus lies in evaluating whether communications about CTR from
the ECB significantly influence the market’s perception of default probability, as evidenced by
CDS spreads. We specifically aim to examine a core assertion made by Blasberg et al. (2021),
which suggests that, "When policy events trigger a rise in carbon risk (e.g. expectation of a

tighter future regulatory framework), the demand for protection of more (less) exposed firms

increases (decreases), resulting in a widening of the wedge. Conversely, if the market expects

a loosening of the regulatory framework, there is a narrowing of the wedge (or possibly even

a negative wedge)". From our standpoint, ECB speeches are important guides for investors
looking to hedge against CTR for international firms, predicated on the notion that central
bank communications have global spillover effects (Armelius et al., 2020). We outline our
testable hypotheses below and depict the channels of propagation in Figure 1.

Hypothesis 1. Climate regulatory risk, as gauged by ECB climate-related communications,

has a positive impact on credit default swap spread for North American firms.

We contend that ECB public remarks on climate change serve as a form of forward guidance,
shaping investor strategies for evaluating long-term climate risks. We hypothesize that in-
creased ambiguity in climate policy and immediate vulnerabilities will likely prompt actions
from central banks. A greater emphasis in ECB communications on climate issues indicates
heightened perceived regulatory risk, encouraging demand for CDS and thereby exerting up-
ward pressure on CDS spread. Given the transatlantic spillover effects of central bank commu-
nications (Armelius et al., 2020), we anticipate that North American investors will adjust their
strategies based on ECB communications, expecting that the Federal Reserve might adopt a
similar stance.

Hypothesis 2. The impact of climate regulatory risk on maturity is both significant and pos-

itive, exhibiting a pronounced effect over short-term horizons and diminishing in significance

over medium- and long-term horizons.

We then explore how the time horizon of new ECB regulations impacts climate regulatory risk.
For example, if immediate compliance is required for new regulations, the costs of short-term
transition will likely be elevated compared to longer time frames. We therefore anticipate a
decline in the statistical significance of the estimated coefficients as maturity tenors lengthen.

Hypothesis 3. Carbon-intensive industries are more affected by climate regulatory risk than

low-intensity firms, particularly in the short term.

Existing literature has emphasized sectoral exposure to transition risks (Dietz et al., 2016;
Dietz et al., 2020). Accordingly, we posit that carbon-intensive sectors, such as energy and
basic materials, are more susceptible to climate regulatory risk and stranded assets relative
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to low-intensity sectors.

To encapsulate our discussion, Figure 1 illustrates the transmission pathway from ECB climate-
related communications to the amplified default risks for firms, represented in red.
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Figure 1: Schematic View of the Chain of Transmission from ECB Communication on Climate
Change to its Impacts

Note: This figure illustrates the chain of transmission from ECB communication on the topic labeled "Climate

Change" to its impacts on the financial system. The legend indicates that the transmission channel studied in

this research is highlighted in red, and � signifies "change in."
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3 Measuring climate risk with ECB communication

This section details our approach to measuring climate-related ECB communication, which
serves as a proxy for forward-looking climate risk. First, we describe our ECB speeches
database and discuss the natural language processing algorithm we used to model climate
communication. Second, we analyze the content and change over time of the estimated ECB
climate narratives, as well as the connection with other macroeconomic-oriented topics.

3.1 From speeches to data: A topic model approach

We rely on speeches from ECB Executive Board Members (and related figures), extracted from
the institution’s website.5 The data corpus spans the period from February 1997 to December
2021, encompassing a total of 2,430 speeches, including all announcements from representative
members of the institution. Due to varying frequency of communication based on the economic
context, our corpus is slightly unbalanced. Irregularities are manifested in two forms: (i) time
gaps ranging from more than a day to less than a week between two speeches, and (ii) more
than one speech occurring in a single day. While problem (i) is discussed in Section 4, we
address problem (ii) by aggregating speeches within the same day. After excluding non-English
speeches and non-topical talks, our final corpus consists of 1,829 announcements spanning the
period from February 7th, 1997 to December 10th, 2021. The left panel of Figure 2 shows
the annual total number of ECB speeches over the period under consideration. The speech
count increases steadily until 2007 and then plateaus, before experiencing a gradual decline
starting in 2017. On the other hand, the right panel of Figure 2 reveals a sharp increase in
the average length of speeches, rising from approximately 2,700 words to around 3,600 words
between 1997 and 1999, and maintaining a substantial decrease from 2005 onward.6

5https://www.ecb.europa.eu/press/key/html/downloads.en.html
6Additional descriptive statistics can be found in Appendix A.1.

8



Figure 2: Temporal Distribution of ECB Speeches from 1997 to 2021

Note: This figure reports the annual total number of ECB speeches (left panel) and the average number of

words per speech (right panel) for the period from 1997 to 2021.

To ensure consistent communication measures from ECB speeches, we implement an unsu-
pervised probabilistic topic models approach. Among various topic models, we opt for a
mixed-membership algorithm akin to Blei et al. (2003)’s Latent Dirichlet Allocation (LDA).
This approach considers each document (speech) as a mixture of topics, with each topic be-
ing characterized as a mixture of words. Although LDA has shown efficiency across several
fields, it does suffer from limitations, such as the assumption of independent topics within
documents/speeches over time (uncorrelated). However, it is reasonable to expect highly cor-
related subsets of latent topics. In our ECB speeches corpus, a speech about monetary policy
may involve interest rates and inflation but may not be related to climate change. To over-
come this limitation, we adopt the Structural Topic Model (STM) proposed by Roberts et al.
(2013).

Similarly to LDA, STM estimates two primary quantities: topic proportions ✓d for each doc-
ument d 2 1, 2..., D (document-topic probability distributions), and word proportions �k for
each topic k 2 1, 2...,K (topic-word probability distributions). However, the estimation pro-
cedure for these quantities makes the assumption of a Logistic-Normal distribution and a
multinomial logit model. This facilitates capturing dependencies between topic distributions.
Another advantage of STM is its capability to condition topic and word distributions on ex-
ogenous factors captured in the covariance matrix. Given our focus on the consequences rather
than the causes of ECB communications, we exclude exogenous factors from topic modeling.

The intuitive procedure is as follows:

1. Assign all topics to a document/speech by randomly providing it with a distribution
over topics from a Logistic-Normal distribution as:
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✓d | Xd� ,⌃ ⇠ Logistic�Normal(µ = Xd� ,⌃)

where Xd represents a vector of covariates, � ⇠ N(0,�2
k) is a matrix of coefficients, and

⌃ signifies the covariance matrix.

2. For each word in the document/speech:

• Select one topic from the distributions chosen in step 1.

• Given that topic, randomly choose a word from this topic using a multinomial logit
distribution:

�d,k � exp(m+ kv + yv + y,kv )

where m is the baseline word frequency, and (kv +yv+y,kv ) denotes a collection of
coefficients representing topic (kv), covariates (yv), and topic-covariate interaction
(y,kv ). These coefficients are further characterized by y,kv ⇠ Laplace(0, ry,kv ), with
ry,kv ⇠ Gamma(s, r).

3. Iterating over steps 1 and 2 generates a set of documents/speeches described by the set
of topics that best represent each document.

3.2 ECB climate change narratives

The document-term matrix is sized (1829 x 16,992,663), featuring 94% scarcity. To address
the challenge of high-dimensionality and data scarcity in computing the ECB climate change
narrative, we preprocess the data sample to remove irrelevant terms. This includes the elimi-
nation of stopwords7 such as ’but’, ’is’, ’a’, numbers, punctuation, given names, and surnames.
We then convert the remaining words into their linguistic roots.

As suggested by Roberts et al. (2016), we employ a semi-collapsed variational EM algorithm
to estimate the topics within our processed speeches database. For additional details, refer
to Blei et al. (2003) and Roberts et al. (2016). Given that mixed-membership topic models
are unsupervised, a crucial task is determining the latent space dimension, i.e., the number
of topics K to consider per speech. Following the discussion by Chang et al. (2009), we must
strike a balance between topic interpretability (lower K) and statistical performance (higher
K) during the estimation process. We explore a range of values for K, from 10 to 80, and
compute various statistical criteria (see Appendix B.1). These lead us to optimally converge
on K = 70 topics. We generate topic and word distributions using a 70-topic STM applied
to ECB announcements from February 1997 to December 2021. The labels for each topic are
based on the most probable words and bigrams, as detailed in Appendix B.2.

7For the full list of stopwords see http://snowball.tartarus.org/algorithms/english/stop.txt.
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To provide an overview of the main ECB narratives, Figure 3 presents top keywords from
selected topics along with corresponding labels (see Appendix B.2 for a discussion). Notably,
a majority of topics revolve around the bank’s primary missions, including payment systems
(Topic 3), monetary policy and price stability (Topics 11 and 64), exchange rates (Topic 29),
and bank supervision (Topic 16). Intriguingly, within the set of macro-oriented topics, one
narrative stands apart: Topic 56, labeled "Climate Change, Climate Risk, and Green Bond."
A closer examination of the word distribution within this topic reveals that, although not
directly aligned with its mandate, the ECB perceives climate change as a significant source of
(forward-looking) risk and uncertainty for the financial system. Key terms within this context
include "climate," "risk," "change," "bank," "green," "will," "transition," "financial," "need,"
and "can."
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Figure 3: Selected Narratives from ECB Speeches

Note: These figures report the top 100 (stemmed) keywords from some selected topics as word clouds. The

size of each word denotes the probability of occurrence in the given topic (i.e., the larger, the more important).

Figure 4 offers a temporal perspective, illustrating the proportion of climate-related Topic
56 from 1997 to 2021. The plot displays fluctuations in climate-related discourse over time,
characterized by periods of both high and low intensity. Two trends are visible. First, from
1997 to 2012 (black dotted line, left axis), climate change communication shows up, yet
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remains a relatively minor topic (topic probability distribution reaching up to 3.3% of the
ECB’s total communication spectrum). Second, from 2013 to the end of the period (red
line, right axis), climate change communication gradually gains prominence, becoming one
of the dominant themes with topic proportion soaring to 90% over the past five years. This
pattern is confirmed by CUSUM- and MOSUM-structural break tests. Further insights into
this intensive climate communication period are explored in empirical Section 5.

Figure 4: When ECB Talks Climate to the Market

Note: This figure depicts the topic proportion of Topic 56: "Climate Change, Risk and Green Bond" over

the period 1997-2021. The black dotted line (left axis) represents the topic proportions during periods of less

intensive communication, while the red line (right axis) illustrates the proportions during periods of intensive

communication.

Lastly, Figure 5 offers a compelling visualization of how ECB’s communication patterns and
connections evolved over time, particularly in relation to climate-related narratives. During
the moderate climate communication period (Panel (a), 1997-2012), Topic 56 appears to be
relatively peripheral, as represented by its smaller node size compared to narratives more
directly related to the direct mandate of the central bank (such as interest rates, exchange
rates, and so on). The connections (edges) between Topic 56 and other topics are also either
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non-existent or weak, illustrating that climate narratives were not strongly correlated with
other macroeconomic discussions in ECB communications during this time. In contrast, the
period of intense climate communication (Panel (b), 2013-2021) represents a significant shift
in the ECB’s communication strategy. The node related to Topic 56 is notably larger, sig-
nifying that climate-related communication becomes a more prominent component of ECB
discourse. Notably, this topic increases up to 50 times compared to the 1997-2012 period.
Topic 56 has not only grown in size but also appears to be more central in the network, sug-
gesting that climate-related communication has become more intertwined with other topics
in ECB’s discourse. The edges connecting Topic 56 to Topic 21 (financial (bond) market)
and Topic 52 (central bank forward mission) are particularly strong. These connections are
highlighted in orange, emphasizing the increased correlation between climate narratives and
these key financial topics. Edges are generally thicker in Panel (b), indicating stronger cor-
relations between topics during the period of intense climate communication. This could be
interpreted as a more integrated and cohesive communication strategy by the ECB in recent
years. Overall, Figure 5 visually encapsulates the evolving nature of the ECB’s communica-
tion. It vividly portrays the transition from a period where climate narratives were relatively
peripheral in ECB communication (1997-2012) to a period (2013-2021) where these narratives
have become central and are significantly correlated with key financial and strategic topics.
This transformation is emblematic of the growing recognition by the ECB of the importance
of climate-related issues, not just as standalone concerns but as integral factors influencing
financial markets and the central bank’s forward-looking mission.
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Figure 5: How Climate Narratives Connect to Macroeconomic Topics

Note: These networks report ECB topic correlations during moderate (panel (a) covering 1997-2012) and

intense climate communication (panel (b) covering 2013-2021). Vertices size is the proportion of each topic

over the corresponding period. Edges size relates to topic correlation. The climate-related topic is highlighted

in yellow while its links with other topics are shown in orange. For clarity, correlations below 0.05 are not

reported.

For all these reasons, the subsequent sections of the paper focus on the period of intense ECB
climate communication from 2013 to 2021. This choice is driven by several technical and
analytical considerations: (i) a significant structural shift in climate change communication,
represented by Topic 56, between periods (a) and (b), with 2012 marking a pivotal year;
(ii) the relative resilience of period (b) to major economic downturns8, thereby reinforcing
the reliability of credit default spread estimations; and (iii) the substantial growth in the
number of firms covered in our CDS database after 2012. In the light of these factors, our
model, presented in Section 4, and the empirical results, detailed in Section 5, focus on the
period from January 12, 2013, to December 10, 2021, encompassing 740 ECB communications.
Topic 56, computed in first differences to mitigate non-stationarity concerns, gauges ECB’s
climate-related communications for the remainder of this paper (see Figure 6). As highlighted
in Figure 4, marked variations in the frequency of Topic 56 become conspicuous toward the
latter part of our sample period, specifically from mid-2018 until the end of 2021.

8See NBER business cycle dating at https://www.nber.org/research/business-cycle-dating.
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Figure 6: Climate Change Topic Frequency in ECB Narratives

Note: This figure depicts the temporal frequency of Topic 56—Climate Change, Risk, and Green Bonds—from

2013 to 2021, represented as a time-series of first differences. Positive spikes indicate periods of accelerated

growth in the prevalence of this topic within ECB communications, while negative spikes mean substantial

declines.

4 Variable selection and empirical framework

In this section, we first present our dependent variable, CDS spreads, and then our indepen-
dent control variables. Second, we outline our methodological approach based on quantile
regression.

4.1 Database and variable selection

To test our hypotheses regarding the influence of ECB climate communication on credit risk,
we use daily CDS spreads as our dependent variable. Fundamentally, a transformation of
the economic structure toward net-zero targets could significantly impair entities’ ability to
repay debts, leading to a higher probability of default and increased credit risks (see Kölbel
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et al., 2020; Vozian, 2022; Billio & Giacomelli, 2022; and Blasberg et al., 2021). In contrast
to other measures (e.g., corporate bonds, ratings, etc.), CDSs are advantageous because they
are standardized instruments traded over-the-counter, they are more liquid, and they are
available in various maturities. These financial products are consistent with the idea of a
forward-looking perspective when addressing climate-related issues, as suggested by Blasberg
et al. (2021). Several studies of carbon risk (Ramos-García et al., 2023; Capasso et al., 2020)
use Merton’s Distance-to-Default as a proxy for credit risk. Unlike them and their use of
this accounting-based default probability, we apply a more market-oriented measurements of
credit risk (CDS spreads) to complement existing research from the perspective within the
credit trade market. Distance-to-Default and CDS spreads are both proxies for default risk,
but they are not always strongly consistent. Distance-to-Default relies on strong theoretical
assumptions (e.g. asset return is not necessarily normally distributed and default occurs
only at maturity), that are not compatible with our forward-looking approach. Moreover,
Distance-to-Default is based on historical data, whereas CDS spreads, as a market-based
financial derivative insurance product, is better suited for the study of investors’ perceptions of
climate regulatory risk. Data for Credit Default Swaps of North-American firms are extracted
from LSEG Refinitiv Workspace and span the period from January 2007 to December 2021.
We have opted to focus on firms located in Canada and the United States, all denominated
in U.S. dollars, to have enough observations and maintain our dataset balanced with our
communication variable derived from speeches delivered by the ECB. This choice excludes
European firms. To mitigate potential biases from turbulent periods, such as the Global
Financial Crisis and the Sovereign Debt Crisis, we limit our sample to the period between
January 2013 and December 2021. As described in Section 3, this selection aligns with the
emergence of the ECB’s climate change narrative. Overall, the dataset encompasses CDS
spreads for five-, ten-, and thirty-year maturities, covering more than 100 North-American
firms (specifically 168, 187, and 137 entities, respectively).

To ensure stationarity, we compute the daily log returns of CDS spreads as9

smi,t = log(CDSm
i,t)� log(CDSm

i,t�1) (1)

where CDSm
i,t is the m-year CDS spread of firm i at day t. smi,t quantifies the daily relative

change in a firm’s CDS spread.

Along with our measure of ECB climate change communication, we consider several determi-
nants of CDS spreads as independent daily control variables. In line with the literature, we
control for both firm-specific and market-specific factors.10

For firm factors, we take into account the stock returns (in log form) for each firm, as well as
the annualized log-first difference VIX index, which measures S&P 500 volatility (see Collin-

9The Augmented Dickey-Fuller test was conducted and confirmed non-stationarity at the levels of the time
series. Detailed results are available upon request from the authors.

10See Ericsson et al. (2009), Galil et al. (2014), and Han and Zhou (2015) for firm factors; and Collin-Dufresn
et al. (2001); Galil et al. (2014), and Blasberg et al. (2021) for market determinants.
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Dufresn et al., 2001; and Blasberg et al., 2021). The rationale for these inclusions is grounded
in seminal literature on the subject. For instance, studies by Collin-Dufresn et al. (2001) and
Avramov et al. (2007) have emphasized the impact of stock market movements—captured
by stock returns—on credit risk and CDS spreads. Likewise, the role of the VIX in our
model is similar to Fama and French (1993), which establishes market volatility as a key
determinant influencing investor sentiment and risk perceptions, both fundamental elements in
credit market dynamics. Thus, the inclusion of these control variables not only adds robustness
to our analysis but also provides a comprehensive framework for understanding the factors
influencing CDS spreads.

In terms of market factors, we follow the methodologies proposed by Galil et al. (2014) and
Blasberg et al. (2021). We assess shifts in business conditions using the Median Rate Index
(MRI), which is defined as the median change in spreads across all firms within a given
rating group.11 The MRI serves as a proxy for the business environment, capturing interest
rate fluctuations that affect both borrowing costs and the creditworthiness reflected in CDS
spreads. Beyond this, the index offers a holistic view of monetary policy, market conditions,
and economic sentiment. Given its ease of data availability and interpretability, the MRI
proves to be an effective instrument for examining how interest rate shifts influence credit risk
within a broader macroeconomic framework, thereby increasing transparency for stakeholders
and policymakers.

4.2 Modeling framework

As endogeneity may be a concern in analyzing the role of communications in shaping market
expectations, we adopt the intuition and identification strategy detailed in Brunetti et al.
(2023). There are two main factors supporting this approach. First, a rich body of both
theoretical and empirical literature has conclusively demonstrated that market participants
are swayed by central bank announcements.12 This leads us to reasonably infer that ECB
communications play a crucial role as determinants of market risk on the day of these events,
and possibly even in the days that follow. Second, our empirical strategy is specifically tailored
to the days of ECB announcements. By aligning the dependent variable (as well as control
variables) with the day of these announcements, we can accurately discern the effects of
climate-related communications on credit risk, thus mitigating the concern of endogeneity.

Unlike other studies that typically use linear regression (Collin-Dufresn et al., 2001), we have
opted for a fixed-effect panel quantile regression in accordance with the methodology used by
Blasberg et al. (2021) and others. This decision is based on two principal considerations. First,
quantile regression enables us to tackle traditional statistical challenges frequently encountered
in financial markets and the examination of CDS spreads, such as leptokurtosis, heteroskedas-

11Firms are categorized into four rating groups: ’AAA/AAs,’ ’As,’ ’BBBs,’ and ’BB+ and lower.’
12See, Blinder et al. (2008) for a review
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ticity, and skewness (see Table 5 in Appendix A.2 for descriptive statistics). Second, various
research has exposed the heterogeneous effects across the conditional distributions of CDS
spreads, a complexity that can be challenging to capture with linear conditional mean regres-
sion. Quantile regression facilitates a more intricate analysis, empowering us to scrutinize the
entire conditional distribution of CDS spreads, allowing us to pinpoint specific firms that are
highly reactive to climate announcements (Giglio et al., 2016; Demir et al., 2022).

To test Hypothesis 1, we define our quantile regression model as follows:

Qsmi,t
(⌧ |xi,t) = ↵⌧,i + �⌧,1�Climatet + �⌧,2r

m
i,t + �⌧,3�V IXt + �⌧,4�MRImi,t + "i,t (2)

where smi,t denotes the daily change in the m-year CDS spreads for firm i at day t for maturity
m, and ⌧ 2 {0.1,..., 0.9} symbolizes the fixed decile level. The m-dimensional covariate vector
xi,t spans firms i = 1, ..., N and time periods t = 1, ..., T . The error term "i,t and �Climatet as
our measure of ECB climate-related communication on day t are further elaborated in Section
3. This measure is consistent across all firms since market participants perceive the same
announcements. Firm-specific variables are denoted by rmi,t and �V IXt, such as stock returns
and the (log-difference) volatility index, while MRImi,t represents market-specific factors for
firm i on day t at maturity m. Hypothesis 2 is examined by considering various maturity
horizons, specifically 10-year and 30-year terms.

An extensive collection of empirical studies underscores the fact that emissions-intensive in-
dustries are the companies most susceptible to climate-related issues (see Dietz et al., 2020;
and Blasberg et al., 2021). To investigate our Hypothesis 3 concerning the effectiveness of
climate announcements at firms’ sector level, we align our approach with Blasberg et al. (2021)
and estimate the following equation:

Qsmi,t
(⌧ |xi,t) = ↵⌧,i + �⌧,1�Climatet + �⌧,2r

m
i,t + �⌧,3�V IXt + �⌧,4�MRImi,t

+
15X

j=5

�⌧,jSectori +
23X

j=13

�⌧,j(Sectori ⇥�Climatet) + "i,t
(3)

where Sectori refers to a dummy variable indicating classification13 of firm i based on Thomson
Reuters Business Classification (TRBC)14, with Sectori⇥�Climatet symbolizing interaction
terms between a firm’s sector i and climate-related announcements on day t, thus reflecting
ECB green communication to sectoral exposure. To illustrate our sectoral classification, Table
1 exhibits the number of firms present in each of our sectoral categories for each of our CDS
maturity categories.

13See https://www.refinitiv.com/content/dam/marketing/en_us/documents/quick-reference-guides/trbc-
business-classification-quick-guide.pdf for more information on the classification.

14TRBC classification, as based on the NACE classification, can be related to the CPRS classification
presented in the pioneering work of Battiston et al. (2017).
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Table 1: Number of Firms by TRBC Sector and by CDS Maturity Category

Note: This table presents the number of firms classified by sector based on the Thomson Reuters Business

Classification (TRBC) for each maturity category. It also shows (in the fourth column) two examples of firms

included in our database for each sector.

In overall terms, equations 2 and 3 form the basis for testing our Hypotheses 1, 2 and 3 regard-
ing the role of ECB interventions. It is noteworthy that, while Blasberg et al. (2021) broach
a similar theme, our specific hypotheses and implications delve into a regulatory perspective.

The two models are estimated for each decile ⌧ 2 {0.1,..., 0.9}, aiming to disentangle the impact
of ECB announcements and other individual explanatory variables across the entire conditional
distribution of CDS spread returns relative to the median. Within this framework, under-
performing firms’ CDS spreads (where ⌧ > 0.5) signal a decline in creditworthiness, while
over-performing firms (where ⌧ < 0.5) are indicative of an enhancement in creditworthiness.
The median case, denoted by ⌧ = 0.5, corresponds to situations where the CDS spread remains
unchanged.

5 Impact of ECB Communication Greening on Credit Default
Swaps

This section looks at the impact of the ECB shift toward climate change communication on
CDS spreads. Initially, we present overarching findings that test the validity of Hypotheses 1
and 2, as articulated in Equation 2. We then delve into a sector-specific analysis to address
Hypothesis 3, according to Equation 3. Our discussion includes results for both 5-year and
10-year maturities. It should be noted that contracts with a 30-year maturity, which are
reported in Appendix C.1 and discussed in Section 6, are inherently more synthetic and should
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be interpreted with caution.

5.1 Main Results

We first focus on the global estimation framework set out in Equation 2, summarized in
Table 2. Using quantile regression techniques, we assess the estimated coefficients across
various deciles for each level of maturity (5 and 10 years). Firstly, it is important to note
that all our control variables are statistically significant, corroborating their role as principal
determinants of CDS spreads, as per the extant literature. Pivoting to our Hypothesis 1,
we find statistically and economically significant coefficients, revealing a positive relationship
between CDS spread returns and ECB climate change communications. ECB reveals itself
to be a leader in shaping the anticipations of the effects of climate change on firms’ default
probability. This linkage implies that any intensification in ECB climate-related discourse
leads to a corresponding increase in CDS spread returns across our complete sample of firms.
Importantly, this influence exceeds mere statistical significance to achieve economic relevance.
An elevated frequency in ECB climate-centric messages is associated with a concomitant rise
in market perceptions of regulatory risk, consequently amplifying a firm’s default risk and,
by extension, its CDS spread returns. For practical illustration, in the context of a 5-year
maturity, a one standard deviation increment in ECB climate communications (measured
as 2.573) correlates with a 0.015 (= 2.573 x 0.006) percentage point augmentation in CDS
spread returns among firms in the 9th decile, the most risk-prone segment. This adjustment
constitutes 0.28% of the standard deviation in CDS spread returns.

Our results show similarities to those of Blasberg et al. (2021) and Zhang et al. (2023). These
two studies take carbon emissions and carbon intensity as proxies to study carbon risk. In
our study, we broadened the scope of their strict definition of "carbon risk" by measuring
it upstream as the forward-looking regulatory risk of transitioning to a low-carbon economy.
Doing so, we find consistent results with Blasberg et al. (2021) and Zhang et al. (2023), finding
that investors’ perception of this regulatory risk results in an increase in the trade of CDS,
increasing their spreads.

Our analysis underscores a decline in the statistical significance of the estimated coefficients
as maturity tenors extend, consistent with the predictions of Hypothesis 2. Specifically, coef-
ficients corresponding to a 5-year maturity attain a significance level of 0.1% (in the 7th, 8th,
and 9th deciles), while those associated with a 10-year maturity reach significance only at the
5% level.

Lastly, the coefficients demonstrate increasing magnitude at both the lower (1st, 2nd, and
3rd deciles) and upper (7th, 8th, and 9th deciles) tails of the distribution. This result means
that firms at both risk extremes are disproportionately affected by climate transition risks,
as conveyed through ECB climate-focused communications. The risk profiles of both safe
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and risky firms are adversely modified, thus aligning with our primary hypothesis of a positive
correlation between climate transition risks and CDS spread returns. This relationship is most
pronounced at the tails of the CDS spread returns distribution.

Table 2: Effect of Climate Regulatory Risk on 5- and 10-year CDS Spread (core analysis)

Note: This table presents coefficient estimates derived from the baseline panel quantile regression model, as

specified in Equation 2. The estimates are segmented by CDS spread returns for both 5-year (top panel) and

10-year (bottom panel) maturities. These estimates are reported across all nine deciles, with standard errors

in brackets. To facilitate interpretation, all estimates have been scaled by a factor of 1e04.

5.2 Sector level results

The existing literature on transition risks underscores the variable exposure of firms based on
their sectoral affiliations. Notably, carbon-intensive industries like energy and basic materials
are more susceptible to transition risk and stranded assets compared to low-carbon sectors
(Dietz et al., 2016; Dietz et al., 2020).

To empirically validate Hypothesis 3, we use Equation 3 and tabulate the estimated coefficients
in Tables 2 and 3 for 5- and 10-year maturities, respectively.15 Our tables focus on the
interaction terms between climate change communication and sectoral classification, while
other coefficients are available upon request.

15Results for the 30-year maturity are addressed in Section 6 and Appendix C.1.
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Table 2 indicates that almost all coefficients are significant and negative for 5-year CDS
spread returns. This suggests that investors believe firms across all sectors in our sample
are adequately prepared for impending climate change regulations from central banks. These
firms are deemed capable of pioneering the innovations and technologies vital for a low-carbon
transition in the near term, notably by sourcing or investing in renewable energy or using
carbon capture and storage to decrease their emissions. On this aspect, our results contrast
with Blasberg et al. (2021) and Zhan et al. (2023). Both these papers find that Scope 1
emissions lead to a positive and significant change in CDS spreads of high-polluting industries,
such as the Energy, Industrials and Utilities sectors. In our case, the mechanisms are different.
Large emitters are more exposed to regulatory pressure therefore they are more likely to react
and engage in the low-carbon transition. Our results reveal the fact that investors anticipate
the measures taken by large emitters to align with potential future regulations (expressed
here by our dependent variable, as a proxy of transition risk). As a result, the CDS spread of
large emitters is significant and negative. Interestingly, the coefficients related to Consumer
Cyclicals (CCGS), Healthcare, Technology, and Utilities are largely non-significant, implying
greater uncertainty in these sectors regarding transition implementation.

We run the same sector panel quantile regression model for 10-year CDS spread returns (Table
3). No significant coefficients were found. Therefore, the increasing communication of the ECB
on the topic of climate change has no impact on investors’ expectations of firms’ probability
of default in the medium term. Here the effect of more stringent and direct carbon regulation
(like the extension of carbon pricing) could take the lead. Also, deeper decarbonization using
hydrogen will be needed, but from today’s perspective this technological solution is uncertain.
Finally, Table 12 in Appendix C.1 presents the coefficient estimates of the interaction terms of
the sector panel quantile regression model for 30-year CDS spread returns. At this maturity,
almost all of our coefficients are strongly significant (at the 1% level) and positive. Therefore,
increased central bank communication on the subject of climate change translates into higher
probability of default in the long term for firms in our sample, regardless of sector. In the long
term, decarbonization is unavoidable. Firms that are not compliant are definitely at risk.

23



Table 3: Effects of Climate Regulatory Risk on 5-year CDS Spread (sector analysis)

Note: This table presents the coefficient estimates for interaction terms obtained from the sector panel quantile

regression model, as detailed in Equation 3, for 5-year CDS spreads. Estimates are reported for all nine deciles,

and standard errors are in brackets. For ease of interpretation, all coefficients have been scaled by a factor of

1e04.
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Table 4: Effects of Climate Regulatory Risk on 10-year CDS Spread (sector analysis)

Note: This table presents the coefficient estimates for interaction terms obtained from the sector panel quantile

regression model, as detailed in Equation 3, for 10-year CDS spreads. Estimates are reported for all nine deciles,

and standard errors are in brackets. For ease of interpretation, all coefficients have been scaled by a factor of

1e04.

6 Additional results and robustness check

6.1 30-year CDS spread

By design, long-term CDS contracts with maturities exceeding 20 years are inherently more
synthetic compared to their shorter-term counterparts. This is primarily attributed to long-
term liquidity constraints, which typically result in fewer trades and wider bid-ask spreads.

Tables 11 and 12 in Appendix C.1 present the impact of ECB climate communication on
30-year CDS maturity. Notably, the results exhibit almost no statistical significance. These
observations collectively point to increased market sensitivity to climate transition risks in the
short-to-medium term, rather than in the long term.
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6.2 Event Study

A crucial identification assumption in Equations 2 and 3 is that variations in CDS spreads are
attributable to climate regulatory risk, as captured by ECB climate-related announcements,
rather than arising from inherent market dynamics specific to CDS.16 To substantiate the
robustness of our methodology, we estimate an event study regression for each considered
maturity, formulated as follows:

Qsmi,t
(⌧ |xi,t) = ↵⌧,i + �⌧,1Dt + �⌧,2r

m
i,t + �⌧,3�V IXt + �⌧,4�MRImi,t + "i,t

In this equation, we replace our measure of climate regulatory risk with a dummy variable,
Dt, formulated as:

Dt =

(
1 if �Climatet exceeds one standard deviation above its mean,
0 otherwise.

This modification allows us to isolate the specific influence of climate-related announcements.
We present the results for 5- and 10-year maturities in Table 13, included in Appendix C.2.17

Our analysis reveals that the dummy variable is both statistically significant and positively
associated across all quantile levels, thereby empirically validating the role of climate regula-
tory risk, as measured by ECB climate-related announcements, in our identification strategy.
Sector-specific results, available upon request, corroborate this insight.

6.3 Is the Federal Reserve System green enough?

Our paper positions the ECB as a leading institution in addressing climate-related issues.
Although this is not explicitly part of its core mandate, it serves as an important compo-
nent of forward-looking regulatory policy. This leadership role is evident in how the ECB
communicates climate-related information to the market (Arseneau et al., 2022). To validate
the rationale of our approach, we apply the same topic extraction methodology to the Federal
Reserve System. Statistical criteria support the extraction of 50 distinct topics over the period
from January 1997 to December 2021. Tables 14 and 15 in Appendix C.3 list the primary
terms extracted from the Federal Reserve’s communication narrative through topic modeling.
We find that although the Federal Reserve’s communications are diverse, none of the topics
are climate-oriented. This result finally corroborates our focus on the ECB.

16Some studies are using a quasi-natural experiment with the Paris Agreement as an exogenous shock (see
Duong et al., 2022; Capasso et al., 2020). We choose not to follow the same empirical strategy, as this event
is already taken into account in our dependent variable.

17Results pertaining to 30-year maturities, available upon request, are congruent with our primary findings.
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7 Conclusions

In recent years, an increasing number of scientific publications (e.g. 6 IPCC Reports published
from 1990 to 2023) provide unquestionable evidence that climate change will impact our
economic system as a whole. These negative shocks affecting the supply and demand functions
of the real economy are vectors of instability in the financial system. Transitioning from a high-
to a low-carbon economic system as prescribed by net-zero carbon emissions policies requires
a drastic change in our productive system. All actors need to take part in this transformation,
and this includes central banks. Even if it is not explicitly part of their mandate, central
banks should be aware of climate risk.

In this paper, we investigate how the ECB communicates about climate change. We use a
topic modeling approach and extract a topic labeled "Climate Change" from ECB speeches.
We show evidence for an increase in ECB communication on the topic of climate change. We
then investigate the way it communicates, and find out that ECB talks about climate change in
terms of a risk for financial stability. Thus, we conclude that the ECB uses its communication
as a signal for financial markets that they may implement a regulation to mitigate climate
change impacts on the financial system.

We then use panel quantile regression to isolate the impacts of an increase in ECB commu-
nication on the topic of climate change on the expected probability of default for 168 firms
(proxied by their CDS spread returns). We investigate 5-, 10- and 30-year contracts. Our find-
ings show an overall positive relationship between lenders’ perceived exposure to a regulatory
risk from the ECB and the firms’ cost of default protection.

In addition, we include sector dummies and interaction terms with our communication variable
in our baseline quantile regression and show proof of the existence of nonlinear effects across
the short, medium and long term. Our findings show significant and negative coefficients
on the short term (5-year maturity), that prove that market actors seem to have integrated
a potential implementation of regulation coming from the ECB to mitigate the effects of
climate change on financial markets. These results also prove that firms are already seen as
capable of transitioning to a low-carbon economy in the short term. In the medium term
(10-year maturity), our estimated coefficients are all non-significant, it seems that financial
actors are uncertain of how the ECB will act regarding climate risk. Finally, in the long-
term (30-year maturity), our estimated coefficients are positive and strongly significant. CDS
market participants expect a higher probability of default for firms across all sectors in the
very long-term with the increase in ECB communication on climate change.

Overall, we highlight how ECB communication can impact investors’ expectation of the prob-
ability of different firms defaulting at different time horizons. Our findings are particularly
relevant to the regulation of climate risk. Our findings also have important policy implica-
tions. They suggest that firms are ready to transition in the short term, and that central
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banks should take a more active role to help this transition to a low-carbon system, even by
using regulatory tools. Not taking action now will raise uncertainty about climate change
impacts on financial markets, leading to a rise in the probability of firms defaulting, which
could be the detonator of a new financial crisis.

References

Alessi, L., Battiston, S., & Kvedaras, V. (2021). Over with carbon? Investors’ reaction to
the Paris Agreement and the US withdrawal. JRC Working Papers in Economics and

Finance(2021/12).
Altavilla, C., Brugnolini, L., Gürkaynak, R. S., Motto, R., & Ragusa, G. (2019). Measuring

euro area monetary policy. Journal of Monetary Economics, 108 , 162–179.
Annicchiarico, B., & Di Dio, F. (2017). GHG Emissions Control and Monetary Policy.

Environmental and Resource Economics, 67 (4), 823–851.
Annicchiarico, B., & Diluiso, F. (2019). International transmission of the business cycle and

environmental policy. Resource and Energy Economics, 58 , 101–112.
Ardia, D., Bluteau, K., Boudt, K., & Inghelbrecht, K. (2022). Climate Change Concerns and

the Performance of Green vs. Brown Stocks. Management Science.
Armelius, H., Bertsch, C., Hull, I., & Zhang, X. (2020). Spread the Word: International

spillovers from central bank communication. Journal of International Money and Fi-

nance, 103 , 102–116.
Arseneau, D. M., Drexler, A., & Osada, M. (2022). Central Bank Communication About

Climate Change. SSRN Scholarly Paper .
Avramov, D., Jostova, G., & Philipov, A. (2007). Understanding changes in corporate credit

spreads. Financial Analysts Journal , 63 (2), 90–105.
Baldwin, E., Cai, Y., & Kuralbayeva, K. (2020). To build or not to build? capital stocks and

climate policy. Journal of Environmental Economics and Management , 100 , 102–235.
Barnes, M. L., & Hughes, A. T. W. (2002). A Quantile Regression Analysis of the Cross

Section of Stock Market Returns. SSRN Scholarly Paper .
Barth, F., Hübel, B., & Scholz, H. (2022). ESG and corporate credit spreads. The Journal of

Risk Finance, 23 (2), 169–190.
Battiston, S., Mandel, A., Monasterolo, I., Schütze, F., & Visentin, G. (2017). A climate

stress-test of the financial system. Nature Climate Change, 7 (4), 283–288.
Baur, D. G., Dimpfl, T., & Jung, R. C. (2012). Stock return autocorrelations revisited: A

quantile regression approach. Journal of Empirical Finance, 19 (2), 254–265.
Bennani, H., Fanta, N., Gertler, P., & Horvath, R. (2020). Does central bank communication

signal future monetary policy in a (post)-crisis era? The case of the ECB. Journal of

International Money and Finance, 104 , 102–167.
Benos, A., & Papanastasopoulos, G. (2007). Extending the Merton Model: A hybrid approach

to assessing credit quality. Mathematical and Computer Modelling , 46 (1), 47–68.

28



Bessec, M., & Fouquau, J. (2022). Green Attention in Financial Markets: A Global Warning.
Annals of Economics and Statistics(148), 29–64.

Bharath, S. T., & Cho, D. (2023). Do natural disaster experiences limit stock market partic-
ipation? Journal of Financial and Quantitative Analysis , 58 (1), 29–70.

Bholat, D., Hansen, S., Santos, P., & Schonhardt-Bailey, C. (2015). Text Mining for Central
Banks. SSRN Scholarly Paper .

Billio, M., & Giacomelli, A. (2022). Esg adjusted credit rating: the indirect approach.
Bischof, J., & Airoldi, E. M. (2012). Summarizing topical content with word frequency

and exclusivity. Proceedings of the 29th international conference on machine learning ,
201–208.

Blasberg, A., Kiesel, R., & Taschini, L. (2021). Carbon Default Swap – Disentangling the
Exposure to Carbon Risk Through CDS. SSRN Scholarly Paper .

Blei, D. M., Ng, A. Y., & Jordan, M. I. (2003). Latent dirichlet allocation. Journal of machine

Learning research, 3 (Jan), 993–1022.
Blinder, A. S., Ehrmann, M., Fratzscher, M., De Haan, J., & Jansen, D.-J. (2008). Central

Bank Communication and Monetary Policy: A Survey of Theory and Evidence. Journal

of Economic Literature, 46 (4), 910–945.
Bolton, P., Kacperczyk, M., & Samama, F. (2022). Net-Zero Carbon Portfolio Alignment.

Financial Analysts Journal , 78 (2), 19–33.
Bolton, P., & Kacperczyk, M. T. (2020). Carbon Premium Around the World. SSRN Scholarly

Paper .
Briere, M., & Ramelli, S. (2022). Green Sentiment, Stock Returns, and Corporate Behavior.

SSRN Scholarly Paper .
Brunetti, C., Joëts, M., & Valérie, M. (2023). Reasons Behind Words: OPEC Narratives and

the Oil Market. Working Papers CEPII research center(2023-19).
Campiglio, E., Dafermos, Y., Monnin, P., Ryan-Collins, J., Schotten, G., & Tanaka, M. (2018).

Climate change challenges for central banks and financial regulators. Nature Climate

Change, 8 (6), 462–468.
Capasso, G., Gianfrate, G., & Spinelli, M. (2020). Climate change and credit risk. Journal of

Cleaner Production, 266 , 121–634.
Carbone, S., Giuzio, M., Kapadia, S., Krämer, J. S., Nyholm, K., & Vozian, K. (2021). The

Low-Carbon Transition, Climate Commitments and Firm Credit Risk. SSRN Scholarly

Paper .
Chang, J., Gerrish, S., Wang, C., Boyd-Graber, J., & Blei, D. (2009). Reading tea leaves:

How humans interpret topic models. Advances in neural information processing systems,
22 .

Chava, S. (2014). Environmental externalities and cost of capital. Management science,
60 (9), 2223–2247.

Chenet, H., Ryan-Collins, J., & van Lerven, F. (2021). Finance, climate-change and radical un-
certainty: Towards a precautionary approach to financial policy. Ecological Economics,
183 , 106–957.

Collin-Dufresn, P., Goldstein, R. S., & Martin, J. S. (2001). The Determinants of Credit

29



Spread Changes. The Journal of Finance, 56 (6), 2177–2207.
Comerford, D., & Spiganti, A. (2017). The Carbon Bubble: climate policy in a fire-sale model

of deleveraging. The Scandinavian Journal of Economics.
Cross, J. P., & Greene, D. (2020). Talk is not cheap: Policy agendas, information processing,

and the unusually proportional nature of european central bank communications policy
responses. Governance, 33 (2), 425–444.

Dafermos, Y., Gabor, D., Nikolaidi, M., Pawloff, A., & van Lerven, F. (2021). Greening the
eurosystem collateral framework: how to decarbonise the ecb’s monetary policy.

Demir, A., Pesqué-Cela, V., Altunbas, Y., & Murinde, V. (2022). Fintech, financial inclu-
sion and income inequality: a quantile regression approach. The European Journal of

Finance, 28 (1), 86–107.
Dietz, S., Bowen, A., Dixon, C., & Gradwell, P. (2016). ‘Climate value at risk’ of global

financial assets. Nature Climate Change, 6 (7), 676–679.
Dietz, S., Byrne, R., Gardiner, D., Gostlow, G., Jahn, V., Noels, J., & Sullivan, R. (2020).

TPI State of Transition Report 2020.
Dietz, S., Gollier, C., & Kessler, L. (2018). The climate beta. Journal of Environmental

Economics and Management , 87 , 258–274.
Dikau, S., & Volz, U. (2021). Central bank mandates, sustainability objectives and the

promotion of green finance. Ecological Economics, 184 , 107–022.
Diluiso, F., Annicchiarico, B., Kalkuhl, M., & Minx, J. C. (2021). Climate actions and macro-

financial stability: The role of central banks. Journal of Environmental Economics and

Management , 110 , 102–548.
Donadelli, M., Grüning, P., & Hitzemann, S. (2020). Understanding Macro and Asset Price

Dynamics During the Climate Transition. SSRN Scholarly Paper .
Duan, T., Li, F. W., & Wen, Q. (2021). Is carbon risk priced in the cross-section of corporate

bond returns? Journal of Financial and Quantitative Analysis , 1–52.
Duong, H. N., Kalev, P. S., Kalimipalli, M., & Trivedi, S. (2022). Do Firms Benefit from

Carbon Risk Management? Evidence from the Credit Default Swaps Market. SSRN

Scholarly Paper .
D’Orazio, P., & Popoyan, L. (2019). Fostering green investments and tackling climate-related

financial risks: Which role for macroprudential policies? Ecological Economics, 160 ,
25–37.

Economides, G., & Xepapadeas, A. (2018). Monetary Policy Under Climate Change. SSRN

Scholarly Paper .
Ehrmann, M., & Fratzscher, M. (2007). Communication by Central Bank Committee Mem-

bers: Different Strategies, Same Effectiveness? Journal of Money, Credit and Banking ,
39 (2-3), 509–541.

El Ouadghiri, I., Guesmi, K., Peillex, J., & Ziegler, A. (2021). Public Attention to Environ-
mental Issues and Stock Market Returns. Ecological Economics, 180 , 106–836.

Engle, R. F., Giglio, S., Kelly, B., Lee, H., & Stroebel, J. (2020). Hedging Climate Change
News. The Review of Financial Studies, 33 (3), 1184–1216.

Ericsson, J., Jacobs, K., & Oviedo, R. (2009). The Determinants of Credit Default Swap

30



Premia. Journal of Financial and Quantitative Analysis , 44 (1), 109–132.
Faccini, R., Matin, R., & Skiadopoulos, G. S. (2022). Dissecting Climate Risks: Are they

Reflected in Stock Prices? SSRN Scholarly Paper .
Fama, E. F., & French, K. R. (1993). Common risk factors in the returns on stocks and bonds.

Journal of financial economics, 33 (1), 3–56.
Farid, M., Keen, M., Papaioannou, M., Parry, I., Pattillo, C., & Ter-Martirosyan, A. (2016).

After Paris: Fiscal, Macroeconomic, and Financial Implications of Climate Change.
International Monetary Fund .

Farmer, J. D., & Foley, D. (2009). The economy needs agent-based modelling. Nature,
460 (7256), 685–686.

Farmer, J. D., Hepburn, C., Mealy, P., & Teytelboym, A. (2015). A Third Wave in the
Economics of Climate Change. Environmental and Resource Economics, 62 (2), 329–
357.

Feldkircher, M., Hofmarcher, P., Siklos, P., et al. (2021). What do central banks talk about?
a european perspective on central bank communication. Focus on European Economic

Integration, 2 (21), 61–81.
Fernando, C. S., Sharfman, M. P., & Uysal, V. B. (2017). Corporate environmental policy and

shareholder value: Following the smart money. Journal of Financial and Quantitative

Analysis, 52 (5), 2023–2051.
Galil, K., Shapir, O. M., Amiram, D., & Ben-Zion, U. (2014). The determinants of CDS

spreads. Journal of Banking & Finance, 41 , 271–282.
Galvao, A. F., & Kato, K. (2016). Smoothed quantile regression for panel data. Journal of

Econometrics, 193 (1), 92–112.
Gardner, B., Scotti, C., & Vega, C. (2022). Words speak as loudly as actions: Central bank

communication and the response of equity prices to macroeconomic announcements.
Journal of Econometrics, 231 (2), 387–409.

Gerali, A., Neri, S., Sessa, L., & Signoretti, F. M. (2010). Credit and Banking in a DSGE
Model of the Euro Area. Journal of Money, Credit and Banking , 42 (s1), 107–141.

Gerst, M. D., Wang, P., Roventini, A., Fagiolo, G., Dosi, G., Howarth, R. B., & Borsuk, M. E.
(2013). Agent-based modeling of climate policy: An introduction to the ENGAGE
multi-level model framework. Environmental Modelling & Software, 44 , 62–75.

Gertler, M., & Karadi, P. (2011). A model of unconventional monetary policy. Journal of

Monetary Economics, 58 (1), 17–34.
Giglio, S., Kelly, B., & Pruitt, S. (2016). Systemic risk and the macroeconomy: An empirical

evaluation. Journal of Financial Economics, 119 (3), 457–471.
Ginglinger, E., & Moreau, Q. (2023). Climate risk and capital structure. Management

Science.
Gourdel, R., & Sydow, M. (2022). Non-Banks Contagion and the Uneven Mitigation of

Climate Risk. SSRN Scholarly Paper .
Gürkaynak, R. S., Sack, B. P., & Swanson, E. T. (2004). Do Actions Speak Louder than

Words? The Response of Asset Prices to Monetary Policy Actions and Statements.
SSRN Scholarly Paper .

31



Haldane, A., & McMahon, M. (2018). Central Bank Communications and the General Public.
AEA Papers and Proceedings, 108 , 578–583.

Han, B., & Zhou, Y. (2015). Understanding the term structure of credit default swap spreads.
Journal of Empirical Finance, 31 , 18–35.

Hansen, L. P. (2022). Central banking challenges posed by uncertain climate change and
natural disasters. Journal of Monetary Economics, 125 , 1–15.

Henricot, D., & Piquard, T. (2022). Credit default swaps and credit risk reallocation (SSRN
Scholarly Paper No. 4011975).

Hull, J., Predescu, M., & White, A. (2004). The relationship between credit default swap
spreads, bond yields, and credit rating announcements. Journal of Banking & Finance,
28 (11), 2789–2811.

Huynh, T. D., & Xia, Y. (2021). Climate Change News Risk and Corporate Bond Returns.
Journal of Financial and Quantitative Analysis , 56 (6), 1985–2009.

Ilhan, E., Sautner, Z., & Vilkov, G. (2021). Carbon Tail Risk. The Review of Financial

Studies, 34 (3), 1540–1571.
Isley, S. C., Lempert, R. J., Popper, S. W., & Vardavas, R. (2015). The effect of near-term pol-

icy choices on long-term greenhouse gas transformation pathways. Global Environmental

Change, 34 , 147–158.
Jung, H., Engle, R. F., & Berner, R. (2021). CRISK: Measuring the Climate Risk Exposure

of the Financial System. SSRN Scholarly Paper .
Jung, Y. J., Tovar, C. E., Wu, Y., & Zheng, T. (2022). Stress Testing the Global Economy to

Climate Change-Related Shocks in Large and Interconnected Economies [SSRN Scholarly
Paper]. Rochester, NY.

Kalkuhl, M., Steckel, J. C., & Edenhofer, O. (2020). All or nothing: Climate policy when
assets can become stranded. Journal of Environmental Economics and Management ,
100 , 102–214.

Kim, S.-J., Salem, L., & Wu, E. (2015). The role of macroeconomic news in sovereign CDS
markets: Domestic and spillover news effects from the U.S., the Eurozone and China.
Journal of Financial Stability , 18 , 208–224.

Kleimeier, S., & Viehs, M. (2018). Carbon Disclosure, Emission Levels, and the Cost of Debt.
SSRN Scholarly Paper .

Koenker, R., & Bassett, G. (1978). Regression Quantiles. Econometrica, 46 (1), 33–50.
Kohn, D. L., & Sack, B. P. (2003). Central Bank Talk: Does It Matter and Why?
Konc, T., Drews, S., Savin, I., & van den Bergh, J. C. J. M. (2022). Co-dynamics of climate

policy stringency and public support. Global Environmental Change, 74 , 102–528.
Koutmos, D. (2019). Asset pricing factors and bank CDS spreads. Journal of International

Financial Markets, Institutions and Money , 58 , 19–41.
Krueger, P., Sautner, Z., & Starks, L. T. (2020). The Importance of Climate Risks for

Institutional Investors. The Review of Financial Studies, 33 (3), 1067–1111.
Kryvtsov, O., & Petersen, L. (2021). Central bank communication that works: Lessons from

lab experiments. Journal of Monetary Economics, 117 , 760–780.
Kölbel, J. F., Leippold, M., Rillaerts, J., & Wang, Q. (2020). Ask BERT: How Regulatory

32



Disclosure of Transition and Physical Climate Risks affects the CDS Term Structure.
SSRN Scholarly Paper .

Lafferty, J., & Blei, D. (2005). Correlated Topic Models. In Advances in Neural Information

Processing Systems (Vol. 18). MIT Press.
Liu, A., Paddrik, M., Yang, S. Y., & Zhang, X. (2020). Interbank contagion: An agent-based

model approach to endogenously formed networks. Journal of Banking & Finance, 112 ,
105–191.

Markussen, P., & Svendsen, G. T. (2005). Industry lobbying and the political economy of
GHG trade in the European Union. Energy Policy , 33 (2), 245–255.

Masawi, B., Bhattacharya, S., & Boulter, T. (2014). The power of words: A content analytical
approach examining whether central bank speeches become financial news. Journal of

Information Science, 40 (2), 198–210.
McKibbin, W. J., Morris, A. C., Wilcoxen, P. J., & Panton, A. J. (2020). Climate change and

monetary policy: issues for policy design and modelling. Oxford Review of Economic

Policy , 36 (3), 579–603.
Merton, R. C. (1974). On the Pricing of Corporate Debt: The Risk Structure of Interest

Rates. The Journal of Finance, 29 (2), 449–470.
Monasterolo, I., & de Angelis, L. (2020). Blind to carbon risk? An analysis of stock market

reaction to the Paris Agreement. Ecological Economics, 170 , 106–571.
Morris, S., & Shin, H. S. (2002). Social Value of Public Information. American Economic

Review , 92 (5), 1521–1534.
Morris, S., & Shin, H. S. (2005). Central Bank Transparency and the Signal Value of Prices.

Brookings Papers on Economic Activity , 2005 (2), 1–66.
Morris, S., & Shin, H. S. (2018). Central Bank Forward Guidance and the Signal Value of

Market Prices. AEA Papers and Proceedings, 108 , 572–577.
Painter, M. (2020). An inconvenient cost: The effects of climate change on municipal bonds.

Journal of Financial Economics, 135 (2), 468–482.
Pires Tiberto, B., Oliveira de Moraes, C., & Pio Corrêa, P. (2020). Does transparency of

central banks communication affect credit market? Empirical evidence for advanced
and emerging markets. The North American Journal of Economics and Finance, 53 ,
101–207.

Punzi, M. T. (2018). Role of Bank Lending in Financing Green Projects: A Dynamic Stochas-
tic General Equilibrium Approach. ADBI working paper .

Pástor, , Stambaugh, R. F., & Taylor, L. A. (2021). Sustainable investing in equilibrium.
Journal of Financial Economics, 142 (2), 550–571.

Pástor, , Stambaugh, R. F., & Taylor, L. A. (2022). Dissecting green returns. Journal of

Financial Economics, 146 (2), 403–424.
Ramos-García, D., López-Martín, C., & Arguedas-Sanz, R. (2023). Climate transition risk

in determining credit risk: evidence from firms listed on the stoxx europe 600 index.
Empirical Economics, 1–24.

Reboredo, J. C., & Otero, L. A. (2021). Are investors aware of climate-related transition
risks? Evidence from mutual fund flows. Ecological Economics, 189 , 107–148.

33



Reboredo, J. C., & Ugolini, A. (2022). Climate transition risk, profitability and stock prices.
International Review of Financial Analysis , 83 , 102–271.

Reeves, R., & Sawicki, M. (2007). Do financial markets react to Bank of England communi-
cation? European Journal of Political Economy , 23 (1), 207–227.

Roberts, M. E., Stewart, B. M., Airoldi, E. M., Benoit, K., Blei, D., Brandt, P., & Spirling,
A. (2014). Structural topic models for open-ended survey responses. American journal

of political science, 58 , 1064–1082.
Roberts, M. E., Stewart, B. M., & Tingley, D. (2016). Navigating the local modes of big data.

Computational social science, 51 .
Roberts, M. E., Stewart, B. M., & Tingley, D. (2019). Stm: An r package for structural topic

models. Journal of Statistical Software, 91 , 1–40.
Roberts, M. E., Stewart, B. M., Tingley, D., Airoldi, E. M., et al. (2013). The structural topic

model and applied social science. Advances in neural information processing systems

workshop on topic models: computation, application, and evaluation, 4 (1), 1–20.
RPS Submitter, B. d. F., Henricot, D., & Piquard, T. (2022). Credit Default Swaps and

Credit Risk Reallocation. SSRN Scholarly Paper .
Sautner, Z., Van Lent, L., Vilkov, G., & Zhang, R. (2023). Pricing climate change exposure.

Management Science.
Savin, I., Creutzig, F., Filatova, T., Foramitti, J., Konc, T., Niamir, L., . . . van den Bergh,

J. (2023). Agent-based modeling to integrate elements from different disciplines for
ambitious climate policy. WIREs Climate Change, 14 (2).

Seltzer, L. H., Starks, L., & Zhu, Q. (2022). Climate Regulatory Risk and Corporate Bonds.
Working Paper National Bureau of Economic Research.

Sen, S., & Von Schickfus, M.-T. (2020). Climate policy, stranded assets, and investors’
expectations. Journal of Environmental Economics and Management , 100 , 102277.

Shapiro, A. H., Sudhof, M., & Wilson, D. J. (2022). Measuring news sentiment. Journal of

Econometrics, 228 (2), 221–243.
Swanson, E. T. (2021). Measuring the effects of federal reserve forward guidance and asset

purchases on financial markets. Journal of Monetary Economics, 118 , 32–53.
Taddy, M. (2012). On estimation and selection for topic models. Artificial intelligence and

statistics, 1184–1193.
Ugolini, A., Reboredo, J. C., & Ojea Ferreiro, J. (2023). Is Climate Transition Risk Priced into

Corporate Credit Risk? Evidence from Credit Default Swaps. SSRN Scholarly Paper .
Vayansky, I., & Kumar, S. A. P. (2020). A review of topic modeling methods. Information

Systems, 94 , 101–582.
Vozian, K. (2022). Climate-related transition risk in the European CDS market. SSRN

Scholarly Paper .
Weitzman, M. L. (2009). On Modeling and Interpreting the Economics of Catastrophic

Climate Change. The Review of Economics and Statistics, 91 (1), 1–19.
Zhan, Y., Wang, Y., & Zhong, Y. (2023). Effects of green finance and financial innovation

on environmental quality: new empirical evidence from China. Economic Research-

Ekonomska Istraživanja, 0 (0), 1–14.

34



Zhang, Y., Liu, Y., & Wang, H. (2023). How credit default swap market measures carbon
risk. Environmental Science and Pollution Research, 1–21.

35



Appendix

A Database

A.1 ECB announcements

Table 4: Characteristics of ECB Announcements

Year # of Speeches % of Total Speeches Avg. # of Words per Speech

1997 18 0.98 2705
1998 34 1.86 2897
1999 75 4.10 3583
2000 58 3.17 3230
2001 57 3.12 2862
2002 57 3.12 2980
2003 54 2.95 3033
2004 71 3.88 3281
2005 64 3.50 3569
2006 72 3.94 3444
2007 86 4.70 3441
2008 92 5.03 3366
2009 89 4.87 3270
2010 85 4.65 3171
2011 93 5.08 3229
2012 73 3.99 3019
2013 106 5.80 2778
2014 82 4.48 2950
2015 84 4.59 2830
2016 80 4.37 3003
2017 97 5.30 2903
2018 83 4.54 2848
2019 85 4.65 2459
2020 65 3.55 2497
2021 68 3.72 2547

Total 1829 100 3047

Note: This table offers a detailed overview of the characteristics of our ECB announcements database,
covering the period from 1997 to 2021. Specifically, it includes the annual count of speeches, the yearly
proportion of speeches relative to the total number of speeches, and the average word count per speech
for each year.
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A.2 CDS and control variables

Table 5 presents descriptive statistics for all dependent and independent variables used in our
study. Average CDS spread returns is the same across our three different maturities (5-, 10-
and 30-year contracts) and is situated slightly below zero. Relatively small dispersion can be
deduced from the corresponding standard deviation, CDS spread returns varying between 4.1%
and 5.2%. Our sample of CDS spread returns comprises sizable outliers with maximum returns
from 170% to 192% and minimum returns varying from -119% to -175% across our three different
maturities. CDS spread return distributions for our three maturities is right-skewed and very
heavy-tailed (relative to a normal distribution), with a kurtosis ranging from 107 to 143.

Table 5: Descriptive Statistics for Dependent and Independent Variables

Note: This table presents descriptive statistics for all dependent and independent variables used in the empirical

model.

B Latent space and topics meaning

This section discusses the selection of the optimal model as well as the procedure used for topic
labeling.
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B.1 Model selection

Several statistical methods have been performed to define the optimal latent space of our model.
Figure 7 reports our considered metrics for topics 10 to 80, such as the held-out likelihood in
panel (a) (Taddy, 2012), the lower bound in panel (b), and the residuals check (Taddy, 2012) in
panel (c).18 As can be seen, both lower bound and held-out are maximized starting at K = 60

topics, while residuals reaches the minimum around K = 70. To confirm our choice, we follow
Roberts et al. (2014) and report in Figure 8 a combination of semantic coherence and exclusivity
of words to topics comparing models with K = 60, 70, and 80.19. The coherence-exclusivity
metric confirms that both K = 70 and 80 are the best models. As Chang et al. (2009) suggests
to increase output’s interpretability (i.e., lower K) we consider K = 70 topics.

Figure 7: Latent Space Selection over K Topics

Note: These figures report measures of topic selection for K = 10 to 80. Held-out likelihood (panel (a)) and

lower bound (panel (b)) criteria are to maximized. Residuals (panel (c)) is to be minimized.

18See Roberts et al. (2019) for more details on each metrics.
19Exclusivity is measured by FREX metric (see Bischof & Airoldi, 2012)
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Figure 8: Exclusivity and Semantic Coherence

Note: This figure shows a combination of semantic coherence and exclusivity (as measured by FREX) of words

to topics. The best model is the one that maximized the combination. Red, green and blue denote respectively

K = 60, 70, and 80 topics.
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B.2 Topic labeling

The tables below report labels of each of 70 topics computed using (i) the most probable bigrams
in the first column (i.e., most probable two words association); and (ii) top 10 most probable
words in the second column. Topic labeling is robust to other metrics such as lift, score and
FREX. Additional results are available upon request to authors.

Table 6: ECB’s Announcement Topic Labels

Note: This table reports topics’ labels from Topic 1 to 15 based on both most probable bigrams (first column)

and top 10 most probable stemmed words (second column).
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Table 7: ECB’s Announcement Topic Labels (con’t)

Note: This table reports topics’ labels from Topic 16 to 30 based on both most probable bigrams (first column)

and top 10 most probable stemmed words (second column).
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Table 8: ECB’s Announcement Topic Labels (con’t)

Note: This table reports topics’ labels from Topic 31 to 45 based on both most probable bigrams (first column)

and top 10 most probable stemmed words (second column).
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Table 9: ECB’s Announcement Topic Labels (con’t)

Note: This table reports topics’ labels from Topic 46 to 60 based on both most probable bigrams (first column)

and top 10 most probable stemmed words (second column).
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Table 10: ECB’s Announcement Topic Labels (con’t)

Note: This table reports topics’ labels from Topic 61 to 70 based on both most probable bigrams (first column)

and top 10 most probable stemmed words (second column).
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C Additional results and robustness

C.1 30-years CDS maturity

Table 11: Effects of Climate Regulatory Risk on 30-year CDS Spread (core analysis)

Note: This table presents coefficient estimates derived from the baseline panel quantile regression model, as

specified in Equation 2. The estimates are segmented by CDS spread returns for 30-year maturity. These

estimates are reported across all nine deciles, with standard errors in brackets. To facilitate interpretation, all

estimates have been scaled by a factor of 1e04.
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Table 12: Effect of climate regulatory risk on 30-year CDS spread (sector analysis)

Note: This table presents the coefficient estimates for interaction terms obtained from the sector panel quantile

regression model, as detailed in Equation 3, for 30-year CDS spreads. Estimates are reported for all nine deciles,

and standard errors are in brackets. For ease of interpretation, all coefficients have been scaled by a factor of

1e04.
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C.2 Event study

Table 13: Event Study Analysis for 5- and 10-year CDS

Note: This table presents the coefficient estimates from our event study for both 5- (top panel) and 10-year

(bottom) maturities. Estimates are reported for all nine deciles, and standard errors are in brackets. For ease of

interpretation, all coefficients have been scaled by a factor of 1e04.
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C.3 The greening of the FED narratives

Table 14: Federal Reserve System’s Narratives

Note: This Table reports the top 10 most probable stemmed words for topics 1 to 30.
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Table 15: Federal Reserve System’s Narratives (con’t)

Note: This Table reports the top 10 most probable stemmed words for topics 31 to 50.
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